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Application of Patch-based Position Embedding Using Discrete Fourier Transform
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47271 MLP-Mixer[4] Perceiver(5]
CIFAR-10[6] SVHN[7] CIFAR-10[6] SVHN[7]
1 1.8 94.87 4808 1959
) 7950 9492 6453 91.36
1 with FE
(+ 2.08%) (+0.05%) (+34.21%) (+366.36%)
2 871.56 9%.39 63.21 52.63
. 88.64 P9 2.3 96.18
2 with FE
(+1.23%) (-0.42%) (+14.46%) (+82.75%)
4 90.06 %.8 60.51 79.26
) 9056 9%6.88 73.22 97.04
4 with FE ~
(+0.56%) (+058%) (+21.00%) (+22.43%)
8 86.07 R.77 50.76 91.01
. 86.54 96.33 6293 94.65
8 with FE _
(+0.55%) (+0.56) (+058%) (+4.00%)
16 7262 P47 61.83 91.27
) 73.14 %59 62.19 9399
16 with FE
(+0.72%) (+0.13%) (+0.36) (+2.93%)
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213ty MLP(multi layer perceptron)Z
18 Jlgre] & H&S AAAZITH J 4
&-3}= Perceiver® 4% 5 7ted J}E}“l ] o}
2} o] €l A (cross attention) &2 W EFHAS
A HES Fo a&402 ALtsid
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a3 2. A 999 9¥& AHgste =9 MLP-Mixer[4l(a) 9}

Perceiver[5](b). (a) MLPE o|-&3to] dlolE & Ad w9} g2 g9z
gk A7) MLP-Mixerl4] (b) 8H5 7158 Bl (learnable array)® ¢
2 o] o]-g3 wxl ol;ldS Walak= Perceiver(5).

S A&39S w CIFAR-10[6] d®olEjAlel A 2 h1.23%,
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